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Research on Model of Engineering Cost

Estimation Based on Genetic Neural Network

1 . 2
JING Cherr guang , DUAN Xiaco chen
(1. Gaduate School of Shijiazhuang Tiedao University, Shijiazhuang 050043, China;

2. School of Economics and Management, Shijiazhuang Tiedao University, Shijiazhuang 050043, China)

Abstract: Artificial neural network has been successfully applied to project cost estimation meth-

ods study. Its high degree of robustness and fault tolerance makes it superior to multiple linear dis-

criminant analysis (M DA) , logistic regression and other methods. This paper, in view of slow conver-

gence and local minimum value of the traditional BP neural network in project cost estimation meth-

ods, proposes genetic neural network estimation method. By combing genetic algorithms and neural

network and fully utilizing the advantages of both, the new algorithm not only has the random search

capability of genetic algorithm, but also has the learning ability and robustness of neural network.

With the global search capabilities of genetic algorithm, considering the drawbacks of traditional error

back propagation algorithm, using chromosome coding, weights and thresholds and other key parame-

ters of neural network are optimized. The stability and effectiveness of that algorithm is verified

through simulation tests, which shows this method has a high practicality in cost estimation.
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