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Research and Improvement on Generalization Performance of
Rotating Machinery Fault Diagnosis Model

Zhang Xiaofeng, Hao Rujiang, Xia Handuo, Duan Zesen, Cheng Wang

(School of Mechanical Engineering, Shijiazhuang Tiedao University. Shijiazhuang 050043, China)

Abstract: Generalization ability is an important evaluation index of machine learning. Due to the
complex external environment in real industrial applications, when rotating machinery is working, its
load is constantly changing. How to use a network model trained under one load to perform fault diag-
nosis on a data set under another load is the focus of many scholars’ research. Therefore, this paper
mainly studied the improvement of the generalization performance of the network based on the different
distribution of data features during training and testing of the network model, and strengthened the net-
work feature extraction ability by improving the size of the first-layer convolution kernel and random in-
activation of the network model, using the AdaBN optimization algorithm to adjust the parameters of
the network model during training and testing to improve the generalization ability of the network.
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