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Study on the Evaluation Model of Driving Skill of Urban Rail Transit Drivers
Liu Jie' . Xu Min’

(1. School of Intelligent Manufacturing and Transportation,
Chongqing Vocational Institute of Engineering, Chongqing 402260, China;
2. Department of Transportation and Trade.
Chongqing Vocational College of Public Transportation, Chongqing 402247, China)

Abstract: In order to improve the level of urban rail transit service and intelligent management, it is
necessary to make a quantitative evaluation of drivers driving skill. Based on the driving speed based on
time-series data recording system in time, the paper first used of feature extraction and processing the
raw data dimension reduction technology, and then put forward a combination of a variety of clustering
algorithm and fuzzy comprehensive evaluation of the hybrid evaluation model, and finally the 8 drivers’
data of metro line 6 were studied, the results show that the level of 8 drivers are passed, passed, aver-
age, bad, good, good, average, average respectively, which shows that the overall level of drivers in
metro line 6 still has considerable improvement space.

Key words: urban rail transit;driver's driving skill; grade evaluation;feature extraction;dimensionali-

ty reduction;clustering;fuzzy comprehensive evaluation



