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Rolling Bearing Fault Feature Extraction Based on Modified
EEMD and Teager Energy Operator

Li Yachao''?, Liu Zheng’, Ma Zengqiang’

(1. CSR Qingdao Sifang Co. LTD. , Qingdao 266111, China;

2. School of Electrical and Electronics Engineering, Shijiazhuang Tiedao University, Shijiazhuang 050043, China)

Abstract; With its adaptability and anti-aliasing, Ensemble Empirical Mode Decomposition (EEMD)
is used widely in rolling bearing fault diagnosis. In order to solve the problem that the parameters of en-
semble empirical mode decomposition(EEMD) is difficult to obtain, a method for fault diagnosis of roll-
ing bearing based on modified EEMD and Teager energy operator is proposed. Firstly, the fault signal is
preprocessed, the added white noise magnitude and the ensemble times is obtained. Then the fault sig-
nal is decomposed into several intrinsic mode function (IMF) by modified EEMD, and the IMF of big-
gest kurtosis is selected with Kurtosis Criterion and demodulated into Teager energy spectrum with
Teager energy operator. Finally, the working status and fault type of rolling bearings is identified
through the energy spectrum. The proposed method is applied to simulated signals and actual signals.
The results show that the method could extract the weak feature frequency information of incipient fault
of rolling bearing effectively.
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