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2.2
, 1~9 2~ 7 .
2 A
B, B, B, B, B; w
B, 1 1/5 1/4 1/3 1/3 0.058 9
B, 5 1 2 3 3 0.406 5
3, 4 1/2 1 2 2 0.249 0
B, 3 1/3 1/2 1 1 0.142 8
B; 3 1/3 1/2 1 1 0.142 8
Amax =5.056 7,CI=0.014,RI=1.12,CR=CI/RI=0.013<0.1, .
3 B,
Ch Ci, w
Ci 1 1/3 0. 250
C, 3 1 0.750
Amx=2,CI=0,RI=0,CR=CI/RI=0, .
4 B,
C21 sz Cz 3 C'z 4 Cz; w
Cs, 1 1/4 1/3 1/3 1/5 0.058 9
Cyy 4 1 2 2 1/2 0.249 0
Cy, 3 1/2 1 1 1/3 0.142 8
Co, 3 1/2 1 1 1/3 0.142 8
Css 2 3 3 1 0.406 5
Amex = 5. 056 7,CI=0.014,RI=1.12,CR=CI/RI=0. 013<70. 1, .
5 B,
(j‘%l (7‘32 (:I%S ( 34 (/‘33 (:3(» W
Cs, 1 4 1 3 2 5 0.295 9
Cy» 1/4 1 1/4 1/2 1/3 2 0.070 2
Cys 1 4 1 3 2 5 0.2959
Csy 1/3 2 1/3 1 1/2 3 0.111 6
Css 1/2 3 1/2 2 1 4 0.180 1
Css 1/5 1/2 1/5 1/3 1/4 1 0.046 3
A = 6. 080 9,CI=0.016,RI=1.24,CR=CI/RI=0.013<70.1, .
6 B,
CH (V‘IZ (TH CH W
Ci 1 5 3 4 0.546 2
Cy. 1/5 1 1/3 1/2 0.083 8
Cis 1/3 3 1 2 0.232 3
C., 1/4 2 1/2 1 0.137 7
Amax—=4.0511,CI=0.017,RI=0.90,CR=CI/RI=0.019<<0.1, .
7
C:sl C:sz w
Ca 1 2 0.666 7
Cs, 1/2 1 0.3333
Amx —=2,CI=0,RI=0,CR=CI/RI=0, .
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Ci (2); (33 (4); 5,
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QX4 4m,8m,12m,16m T, T 1X106 , 4
. , mapstd P.T , o , newff
R tansig  purelin, traingdx,
, , divideFen R
, Ir 0.05, mc 0.9, 100 000, le-
5, , mapstd( ‘reverse’ , ) . 100 000
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9
/m 9 17 20 23 25 28 33 35 40
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8 4.70 5.74 3.75 8. 00 6.72 6.14 9. 66 7.00 5. 60 20
12 6. 84 8. 71 8.76 9.92 7.07 6. 45 6.52 11.02 9.44 28
16 9.70 8.96 9.15 8. 14 6. 82 10. 48 7.29 10. 96 11.55 25
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Study on the Influence Factors Analysis and Prediction
Method of Deep Foundation Pit Deformation

Xiong Chunbao', Li Lang', Ma Chaofeng

(1. School of Civil Engineering, Tianjin University, Tianjin 300072, China;
2. Railway Construction Research Institute of China Academy of Railway Sciences, Beijing 100081, China)

Abstract: There are many factors that affect the deformation of foundation pit, including major fac-
tors and secondary factors. According to the engineering experience and relevant information, based on
a more comprehensive summary of the factors and identifying the major factors ,the quantitative criteria
are established by combining the AHP. Using the factors as the input layers, the BP neural network can
be constructed based on these factors. Taking the deep foundation pit engineering of Chinese Railway
International City 1D block as an example, selecting the time periods that the retaining structure have
deformations and establishing the 17 X 10° training data, the node numbers of hidden layer can be settled
down by using the Fibonacci method. Then take the deformation data of 4 m,8 m,12 m,16 m as target
layer to train and simulate. At last, using the network that have trained to make prediction of other
points, the accuracy meets the requirements. This conclusion verifies the validity of this impact factor
selection and sample selection method and has some guiding significance for the deformation predicting
of deep foundation.

Key words: deformation prediction of foundation pit;influence factors; BP neural network; fibonacci

method; AHP



