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Analysis of M ultidim ensional A ssociation Rule in

Subw ay Construction A ccidents
ChenWeke Li Jinling
(School ofM anagan ent T ian jin Un iversity of Technobgy Tian jin 300384 Ch ina)

Abstract Subway constructbn accients have taken place frun tine to tine recently and the relatbnship
anong constructbn accient data is becan ing ncreasingly canp licate This paper ntroduces a fanous method
called mulird mensbnal association rule to help analyze a hrge anount of data in subw ay constmction accients
W ith thsmethod this procedure shows how to find out strong assoc aton rules beween “ person-nstrum ent-en-
vionm entm anagement” and the typesofaccdents Further this research is able to fizure out the potential m les
n constructbn accdents through searh ng he canb nation of frequent factors hat probably lead to subw ay con-
structbn accidents Besides with these rules discovered, the m anagers would be able pwhibit the an ticipated
accdents n subway constructon
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